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# "Pure” Reinforcement Learning (cherry)
» The machine predicts a scalar
reward given once in a while.

> A few bits for some samples

@ Supervised Learning (icing)
» The machine predicts a category
or a few numbers for each input
» Predicting human-supplied data

» 10-10,000 bits per sample

# Unsupervised/Predictive Learning (cake)
» The machine predicts any part of
its input for any observed part.

» Predicts future frames in videos

» Millions of bits per sample

But I'll make it up)

# (Yes, I know, this picture is slightly offensive to RL folks.
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= TrAdaBoost [Dai, ICML-07]

= Kernel Mean Matching (KMM) [Smola, ICML-08]
= Density ratio estimation [Sugiyama, NIPS-07]
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= Transfer component analysis (TCA) [Pan, TKDE-10]
= Spectral Feature Alignment (SFA) [Pan, WWW-10]
= Geodesic flow kernel (GFK) [Duan, CVPR-12]
= Transfer kernel learning (TKL) [Long, TKDE-15]
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= TranseEMDT [Zhao, IJCAI-11]

= TRCNN [Oquab, CVPR-14]

= TaskTrAdaBoost [Yao, CVPR-10]
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« Predicate mapping and revising [Mihalkova, AAAI-07],
= Second-order Markov Logic [Davis, ICML-09]

Academic domain (source)

Movie domain (target)

WorkedFor
. Director(B)
sati bHCati MovieMember Mgo»feMember
Paper (T)

AdvisedBy (B, A) A Publication (B, T) WorkedFor (A, B) A MovieMember (A, M)
=> Publication (A, T) => MovieMember (B, M)

PI(x,y) AP2 (x,z) =>P2(y, z)
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Classification Accuracy of Airplane
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Classification Accuracy of Tiger

0.85

0.61

Supervised Leanring Transfer Learning

0.63

Supomud Leanring Transfer Learning SLA

Tags

(1) Previous transfer learning experiences
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(3) Optimize what and how to transfer for a
future pair of source and target domains

(2) Learn transfer learning skills

w*
E ]argma.xf(ST W)

Source Target >




28I E
RS SRS SIIBEET

=Scikit-learn+Tensorflow
= PyTorch

'-_GUI% = E/}](-
= WEKA , Orange
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= Anacondagl( )

'Pip( )
= Scikit-learn( )
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https://github.com/allmachinelearning/MachinelLearning
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